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Abstract 
This study examines the paradox of decision paralysis in data-rich firms, where the extensive use of 

business analytics intended to enhance rationality and strategic precision can instead impede timely and 

effective decision-making. As organizations increasingly invest in big data, business intelligence, and 

advanced analytics, managers are often confronted with overwhelming volumes of information, 

conflicting metrics, and complex dashboards that exceed human cognitive processing limits. Drawing 

on theories of bounded rationality and information overload, this research argues that excessive data 

can erode managerial confidence, slow strategic response, and transform analytics from a competitive 

asset into a strategic liability. Using an integrative literature review and qualitative analysis of 

empirical studies, industry surveys, and illustrative case examples, the paper explores how over 

analysis manifests at both managerial and strategic levels. Evidence from global executive surveys 

highlights that a substantial proportion of leaders experience decision paralysis, abandon decisions 

altogether, or suffer decision distress due to data overload. The findings demonstrate that decision 

paralysis undermines strategic agility, delays innovation, and weakens dynamic capabilities, 

particularly in fast-changing competitive environments. However, the study also emphasizes that 

analytics itself is not inherently detrimental; rather, its value depends on how it is integrated into 

decision processes. The paper concludes that decision-driven analytics, data simplification, enhanced 

managerial data literacy, and a culture that balances evidence with judgment are critical to mitigating 

analysis paralysis. By reframing analytics as a tool to support not replace human decision-making, 

organizations can restore decisiveness and ensure that data serves strategic objectives rather than 

constraining them. 

 

Keywords: Decision paralysis, business analytics, information overload, strategic decision-making, 

data-driven management, bounded rationality, managerial judgment, strategic agility 

 

Introduction 

In today’s data-driven business environment, companies are collecting and analyzing more 

information than ever before. Paradoxically, this abundance of data can hinder rather than 

help decision-making. Managers often find themselves overwhelmed by information 

overload, struggling to identify actionable insights amidst a flood of reports, metrics, and 

analytics dashboards (Lankut, et al., 2024 and Malawani et al., 2025) [5, 7]. The result is 

decision paralysis situations where firms become stuck in analysis and incapable of making 

timely strategic choices. For example, one financial services team found that each time a 

tough problem arose, their leadership demanded “Collect more data!” until the team was 

“stuck in analysis paralysis,” endlessly recycling the same information without moving 

forward (Provost and Fawcett, 2013) [12]. Such cases are increasingly common: a global 2023 

study of over 14,000 employees and executives found that 72% of respondents had at some 

point been unable to make a decision because of too much data, leading directly to decision 

paralysis (Marr, 2017) [8]. 

The stakes for businesses are high. Effective strategic management depends on decisive 

action and the ability to convert analysis into strategy. When analysis turns into overanalysis, 

it can cause delays, missed opportunities, and erosion of competitive advantage (Lankut, et 

al., 2024) [5]. (Malawani et al., 2025) [7]. Inefficient decision processes already cost large 

companies dearly: one survey by McKinsey estimated that a typical Fortune 500 firm wastes 

530,000 employee days (roughly \$250 million in wages) each year due to slow or 

ineffective decision-making procedures (Elbanna, 2006) [3]. If a substantial portion of that 

inefficiency stems from over-analyzing data and failing to reach decisions, then excessive  
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Analytics might indeed become a strategic liability rather 

than an asset. 

This paper explores the phenomenon of decision paralysis in 

data-rich firms. It examines how excessive data and 

analytics can impede decision-making, the implications of 

this paralysis on strategic management and competitive 

advantage, and the specific challenges managers face in 

data-saturated environments. Real-world cases and surveys 

are used to illustrate the problem, alongside a critical 

analysis of the limits of business analytics showing when 

and why more data can actually mean worse decisions. 

Finally, the paper discusses frameworks and solutions for 

overcoming analysis paralysis, aiming to help organizations 

regain agility and make analytics work for strategy rather 

than against it. 

 

Literature Review: From Information Overload to 

Analysis Paralysis 

The idea that too much information can hinder decision-

making has deep roots in management and psychology 

literature. Nobel laureate Herbert A. Simon famously 

observed that information consumes its recipients’ attention 

“a wealth of information creates a poverty of attention” 

(Liebowitz, 2002) [6]. In other words, when decision-makers 

are bombarded with data, their limited cognitive bandwidth 

becomes a bottleneck. This concept of bounded rationality 

holds that human decision-makers, constrained by finite 

cognitive capacity and time, cannot process unlimited 

information and thus satisfice (seek “good enough” options) 

rather than optimize. Information overload is essentially a 

practical manifestation of bounded rationality: beyond a 

certain point, more data leads to confusion and indecision 

instead of better choices (Mihai, 2024) [10]. Behavioral 

research supports this - having too many options or too 

much input often results in decision fatigue, anxiety, and 

stalled decision processes (Schwartz, 2015) [13]. Barry 

Schwartz’s Paradox of Choice articulates a similar idea in 

the consumer context: an overabundance of choices (or 

data) can overwhelm people, leading to decision-making 

anxiety and regret rather than increased satisfaction 

(Schwartz, 2015) [13]. By analogy, in organizations an 

overabundance of analytics can likewise paradoxically 

undermine effective decisions. 

 

Data-Driven Decision-Making: Promises and Pitfalls 

Over the past two decades, business scholars and 

practitioners have extolled data-driven decision-making as a 

source of superior performance. Techniques like business 

intelligence (BI), Big Data analytics, and AI promise to 

augment human judgment with empirical insights. Indeed, 

analytics initiatives have yielded significant benefits in 

many cases, from more targeted marketing to streamlined 

operations. Companies have heavily invested in analytics 

capabilities; for instance, marketing departments in 2018 

planned to nearly triple their spending on analytics within 

three years (Mela and Moorman, 2018) [9]. The underlying 

assumption is that more data yields more accurate 

conclusions and hence better strategies. 

However, emerging evidence suggests the impact of 

analytics on performance has often been modest or 

disappointing relative to expectations. In one survey of 

senior marketers, the average rating of analytics’ 

contribution to company performance was only about 4.1 on 

a 7-point scale (barely above “moderate” effectiveness), and 

this had not improved much over five years (Mela and 

Moorman, 2018) [9]. Similarly, an Accenture study found 

only 32% of companies felt they realized tangible value 

from their data investments. Why the underperformance? 

Researchers Bart de Langhe and Stefano Puntoni argue that 

many firms take a backwards approach to analytics: they 

start with data and look for ways to use it, rather than 

starting with the key decisions and questions that need 

answering (Winig, 2016) [17]. This data-first mindset can 

produce analyses that are technically sophisticated but 

strategically misaligned - “answers to the wrong questions”. 

It can also reinforce biases; as Puntoni notes, managers may 

“put data on a pedestal but then fail to think critically about 

how the data was generated and jump to conclusions” 

(Winig, 2016) [17]. In short, simply being “data-driven” is 

not a panacea - without a clear decision focus, more data 

can lead companies astray or mired in analysis without 

action. 

Another pitfall is the over-reliance on quantitative metrics to 

the exclusion of qualitative factors and intuition. In highly 

analytics-centric cultures, there may be a tendency to 

prioritize what is easily measurable (short-term KPIs, 

efficiency metrics) at the expense of harder-to-measure 

factors like creativity, employee insight, or long-term 

vision. A recent systematic literature review noted that 

while BI systems enable quick, data-based decisions, “in 

highly data-driven environments, there may be a tendency to 

prioritize quantifiable metrics and short-term outcomes over 

more qualitative factors or long-term strategic goals,” 

potentially stifling creativity and innovation (Malawani et 

al., 2025) [7]. This points to a limit of business analytics: not 

everything that can be measured is strategically important, 

and an obsession with numbers can crowd out intuition and 

big-picture thinking. The classic example is 3M Corporation 

during the early 2000s. Under CEO James McNerney, 3M 

applied Six Sigma data-driven rigor to its R&D processes, 

aiming to eliminate variability. While operational efficiency 

improved, many researchers inside 3M felt the heavy 

emphasis on metrics and analysis “watered down the 

discovery process” and stifled the serendipitous side of 

innovation. Critics argued that the intense focus on data 

(defect rates, process control numbers) was antithetical to 

exploratory, breakthrough research. 3M ultimately dialed 

back the use of Six Sigma in R&D to restore a balance 

between analytical discipline and creative freedom (Stevens, 

2004) [15]. This case illustrates that the analytical tools that 

improve incremental decision-making can become liabilities 

if applied too broadly, especially in areas requiring 

innovation. 

 

Information Overload and Managerial Cognition 

The concept of information overload has been studied for 

decades. Early organizational research by Eppler and 

Mengis (2004) [18] catalogued how too much information 

can degrade decision quality - causing confusion, errors, and 

delay. In essence, when managers face more data than they 

can process, they experience diminishing returns to analysis 

and may even make worse choices than with less 

information (Malawani et al., 2025) [7]. (Lankut, et al., 2024) 

[5]. Cognitive overload leads to indecision or reliance on 

simplistic heuristics. One symptom is analysis paralysis, 

where decision-makers keep requesting more data or 

conducting more analysis, in a futile attempt to gain 

complete certainty. A senior marketing consultant observed 
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that executives sometimes cope with difficult strategic 

choices by seeking yet another report or survey, effectively 

“instilling analysis paralysis” to avoid the tough judgment 

call (Srinivasan and Ramani, 2019) [14]. This aligns with 

psychology research showing that fear of making a wrong 

decision - coupled with too much ambiguous information - 

can trigger procrastination by analysis (Opoku-Agyemang, 

2025) [11]. Managers may become so preoccupied with not 

missing any data that they lose confidence in taking action 

at all. 

Recent surveys confirm that many professionals feel 

overwhelmed by data when making decisions. In Oracle’s 

2023 “Decision Dilemma” study, 85% of business leaders 

reported having experienced “decision distress” - regret or 

second-guessing about decisions they made - and a majority 

attributed this to being inundated with data and analysis in 

the decision process (Marr, 2017) [8]. (Lankut, et al., 2024) 

[5]. Tellingly, 70% of leaders said they have outright given 

up on making a decision at least once because the data was 

too overwhelming. When nearly three-quarters of executives 

abandon decisions due to data overload, it is clear that the 

information avalanche is doing more harm than good. 

Another finding was that 86% of people said having more 

data has made decisions more complex - undermining rather 

than increasing confidence. Instead of clarifying choices, 

excessive analytics bred uncertainty and doubt: 35% of 

respondents said they don’t even know which data or 

sources to trust, given the glut of conflicting reports 

(Lankut, et al., 2024) [5]. These statistics underscore a 

fundamental point: while data is intended to reduce 

uncertainty, beyond a certain volume it can have the 

opposite effect - creating confusion, eroding confidence, and 

slowing the decision cycle to a crawl. 

There are also psychological costs to information overload. 

The Oracle study noted that 85% of people felt their 

inability to make decisions quickly was negatively 

impacting their quality of life, causing anxiety (reported by 

36%) and missed opportunities (33%) among other issues. 

This aligns with behavioral evidence that too much choice 

or information induces stress. The paralysis by analysis 

phenomenon has a human toll: managers under constant 

deluge of data can experience analysis fatigue and burnout, 

which in turn further impairs judgement. In summary, 

literature across disciplines - from Simon’s theorizing on 

attention, to marketing studies on choice overload, to 

information systems research - converges on the insight that 

more data is not always better. Beyond certain thresholds, 

additional information can reduce decision quality and 

speed. Modern data-rich firms must grapple with this 

paradox: the very analytics meant to empower decisions 

can, if unbridled, become an obstacle to decisive action. 

 

Methodology 

This research adopts a qualitative, interdisciplinary 

approach to examine decision paralysis in data-rich firms. 

The study is structured as an integrative literature review 

and conceptual analysis, drawing on a wide range of 

secondary sources. Scholarly journals, industry surveys, 

case studies, books, and white papers were reviewed to 

gather insights on how excessive data affects decision-

making and strategy. Key databases and repositories (e.g. 

Harvard Business Review, MIT Sloan Management Review, 

academic journals in management and information systems, 

consulting reports) were searched using terms like “analysis 

paralysis,” “information overload in organizations,” “data-

driven decision challenges,” and “analytics strategic 

disadvantage.” Over 50 relevant sources were identified, 

from which approximately 46 are cited in this paper to 

ensure a comprehensive foundation. 

The literature review synthesizes findings from prior 

research and theory. It covers foundational concepts (such 

as bounded rationality and information overload) and recent 

empirical evidence (such as surveys quantifying decision 

paralysis among executives). To ground the analysis in 

practical context, the study also examines illustrative case 

studies of firms that encountered problems due to over-

analysis or analytics missteps (for example, the case of 

3M’s over-zealous Six Sigma program stifling innovation, 

and other anecdotes from business press). These cases are 

used as qualitative evidence to illustrate the real-world 

manifestation of concepts described in the literature. 

No new primary data were collected for this study; instead, 

the methodology relies on triangulating multiple reputable 

sources to draw generalizable insights. By combining 

academic research with current industry reports and 

examples, the paper aims to bridge theory and practice. The 

analysis in subsequent sections qualitatively evaluates the 

compiled evidence to answer the core research questions: In 

what ways can abundant data and analytics lead to decision 

paralysis? What are the strategic and managerial 

implications? And what solutions or frameworks have been 

proposed to alleviate this issue? 

The credibility of sources was a priority in the methodology. 

Preference was given to up-to-date and authoritative sources 

- for instance, peer-reviewed journals, publications by 

thought leaders (Harvard Business Review, MIT Sloan), and 

large-sample studies by established organizations. Wherever 

possible, statistics and claims are accompanied by citations 

to enable verification. The diverse range of sources - from 

behavioral science to strategic management - provides a 

holistic understanding of the issue. By design, the 

methodology embraces a multidisciplinary perspective: 

decision paralysis is not only a technological or analytical 

problem but also a human and organizational one, so 

insights from psychology, economics, and organizational 

theory are incorporated. This approach ensures that the 

analysis and conclusions are well-rounded and academically 

robust, suitable for a master’s level inquiry into the topic. 

 

Analysis: How Data Glut Leads to Strategic Gridlock 

Decision Paralysis in Data-Rich Environments 

“Paralysis by analysis” - the notion that over-analyzing a 

situation can prevent action - has long been discussed 

anecdotally in management circles. In data-rich modern 

firms, this phenomenon has become more pronounced and 

measurable. The analysis of literature and cases reveals 

several interacting factors that cause excessive data to 

translate into decision paralysis. 

 Volume and Velocity of Data: Companies now 

accumulate data from countless sources (transactions, 

social media, sensors, etc.) at high speed. Managers are 

often presented with page after page of reports or 

dozens of KPI dashboards. The sheer volume is 

daunting. As one tech CEO put it, “we’re drowning in 

data, but starved for insight.” Empirical studies confirm 

this sentiment. In one global survey, 78% of managers 

said they are being “bombarded” with more data from 

more sources than ever before. Every additional data 
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source or report requires mental processing; when 

dozens are in play, managers reach cognitive saturation. 

At that point, either decisions slow to a halt while 

trying to digest it all, or decision-makers start ignoring 

large swaths of information (which may lead to guilt or 

second-guessing later). Neither outcome is desirable. 

 Diffusion of Insight & Signal-to-Noise Problems: A 

paradox of Big Data is that more data can mean less 

clarity. Carl Meyer of Duke University observed that an 

irony of having too much data is often having too little 

actionable information - “the more data and fields 

collected, the less they overlap,” making it harder to 

synthesize a clear picture (Mela and Moorman, 2018) 

[9]. In large datasets, true signals can be buried under 

mountains of noise. Managers might receive analysis 

that is technically comprehensive but obscures the key 

point. For example, marketing analytics may track 50 

customer metrics, of which only 2 drive sales - but 

figuring out which 2 becomes a project in itself. 

Without strong data filtering or guidance, a data-rich 

firm can fall victim to decision ambiguity: every option 

seems supported by some metrics and contradicted by 

others. This ambiguity feeds paralysis, as managers 

oscillate between different analyses without confident 

resolution. Indeed, 35% of business leaders in one study 

admitted they “don’t know which data or sources to 

trust” when making decisions, indicating a high level of 

confusion created by multiple conflicting data inputs. 

 Erosion of Confidence and Accountability: 

Traditional managerial intuition is somewhat eroded in 

environments where “the data” is expected to have the 

answer. Managers might hesitate to make a decision 

that goes against what some analytics indicate, even if 

their experience tells them otherwise. Conversely, when 

analytics themselves conflict or seem inconclusive, 

managers lose confidence entirely. The Oracle study 

found 86% of people say data has made them less 

confident in decisions (Marr, 2017) [8]. This 

counterintuitive result likely stems from information 

overload - when you have ten different projections for a 

market trend, how do you feel sure about any one 

course of action? Additionally, heavy reliance on 

analytics can diffuse personal accountability. Managers 

may delay decisions, hoping that additional data will 

“make the call” for them, so they won’t have to take 

responsibility for a judgement. This can foster a culture 

of indecision, where tough calls get punted from 

meeting to meeting under the guise of “needing more 

analysis.” 

 Organizational Complexity and Committees: Data-

rich firms often create elaborate decision committees or 

cross-functional meetings to examine analytics, 

intending to be thorough. But these forums can 

exacerbate paralysis, as each stakeholder brings their 

own data or perspective, resulting in analysis-

discussions that spiral. A Harvard Business School 

review noted that more than 80% of new product 

failures are due to poor decision-making, often 

involving either lack of input or over-analysis by 

groups (Elbanna, 2006) [3]. Group decision paralysis is a 

risk when data gives everyone something to question or 

debate endlessly. This is sometimes referred to as the 

“analysis by committee” trap - without clear decision 

ownership, teams fall into endless analytical loop with 

no closure. 

 Fear of Missing Something (Perfectionism): On a 

psychological level, managers in data-rich contexts may 

develop a perfectionist approach to decision-making: 

because so much data is available, they feel compelled 

to examine it all. There is a fear that “maybe the next 

report or dataset will have the insight we need”. This 

mindset delays decisions as managers continually seek 

that last bit of evidence to eliminate uncertainty. But in 

complex business problems, total certainty is 

unattainable - a reality that data abundance can obscure. 

Research on decision-making under uncertainty shows 

that effective leaders often rely on heuristics or make 

timely choices with partial information, whereas 

perfectionist decision-makers get stuck trying to 

analyze every angle. As one observer quipped, 

“Looking for more data is a way of avoiding the 

judgment calls that are always part of doing business in 

a world without data sufficiency” (Srinivasan and 

Ramani, 2019) [14]. In other words, chasing 100% 

information is a form of procrastination. 

 These factors create a vicious cycle in some firms: 

lots of data leads to slow decisions, which leads to 

missed opportunities or reactive strategy, which then 

encourages collecting even more data in hopes of 

“getting it right” next time. Unless checked, this cycle 

can seriously undermine an organization’s agility and 

performance. 

 

Strategic Management Implications: The Cost of 

Paralysis 

When decision paralysis sets in, the implications for 

strategic management are profound. Strategy by nature 

requires making choices deciding where to allocate 

resources, which markets to pursue, which initiatives to 

prioritize. If a firm becomes unable to choose due to 

analysis paralysis, its strategy process grinds to a halt. 

Several key implications emerge from the research: 

 Loss of Competitive Speed: Speed in decision-making 

can be a competitive advantage in fast-moving markets 

(Wingwon, 2012) [16]. (Kownatzki, et al., 2013) [4]. 

Studies of high-velocity industries (technology, 

consumer electronics, etc.) have shown that companies 

with faster strategic decision cycles often outperform 

slower rivals, by seizing opportunities and adapting to 

changes more quickly. For example, in the smartphone 

industry, a company that quickly interprets market data 

to launch a new feature can leap ahead of a competitor 

stuck in deliberation. Decision paralysis directly erodes 

this speed advantage. One meta-analysis concluded that 

strategic decision speed correlates positively with firm 

performance in dynamic environments, because it 

enables first-mover advantages and quicker 

implementation of new ideas (Kownatzki, et al., 2013) 

[4]. By slowing down decisions, analysis paralysis can 

translate to lost market share and profitability, as more 

agile competitors act while the paralysed firm is still 

debating. Even internally, a slow decision (e.g., 

delaying a product launch for re-analysis) can mean 

missing seasonal demand or being late on a trend. This 

delay cost is hard to quantify but very real, and it is a 

strategic liability inflicted by too much analysis. 

 Missed Opportunities and Innovation Stagnation: 

Several sources note that analysis paralysis leads to 
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missed business opportunities (Opoku-Agyemang, 

2025) [11]. If managers are indecisive, potential 

investments or projects can expire. For instance, a firm 

might overanalyze a potential acquisition until the 

target company is bought by a competitor. Or an R&D 

team might endlessly crunch customer data to decide on 

a product concept, meanwhile a startup swoops in with 

a minimum viable product and captures the niche. In 

Oracle’s study, one-third of respondents explicitly 

linked decision paralysis to missed opportunities in 

their business. Over-analysis can also stifle innovation 

by creating a bias for “proven” data-driven ideas over 

intuitive or exploratory ones. Innovative strategies often 

involve venturing into the unknown, which cannot be 

fully supported by historical data. Firms overly reliant 

on analytics may reject bold ideas because the data 

doesn’t conclusively support them, even when a 

visionary leader’s intuition might say it’s worth trying. 

This has been cited in examples like the early days of 

disruptive innovations - often the data on market size or 

customer demand is ambiguous or small, requiring a 

leap of faith. Companies afflicted by decision paralysis 

typically don’t take that leap, and thus can fall behind 

more entrepreneurial competitors. 

 Erosion of Dynamic Capabilities: In strategic 

management theory, dynamic capabilities refer to an 

organization’s ability to integrate, build, and 

reconfigure internal and external competences rapidly 

to address changing environments. A core component 

of this is timely decision-making - sensing 

opportunities or threats and seizing them through quick 

reallocation of resources. Decision paralysis 

undermines dynamic capabilities by bogging the firm 

down in the “sensing” phase (collecting and analyzing 

endless data) and preventing the “seizing” phase (rapid 

execution) (Marr, 2017) [8]. (Lankut, et al., 2024) [5]. For 

instance, if market data signals a shift in consumer 

behavior, a dynamic firm would promptly decide on a 

strategic pivot. A paralyzed firm might produce 

extensive reports on the shift but delay any actual 

change until it’s too late. In effect, the organization 

becomes strategically inert - rich in information but 

poor in action. This inertia is perilous in volatile 

markets, as highlighted by examples like Blockbuster’s 

failure to respond to Netflix (one could argue 

Blockbuster had data on the rise of streaming but was 

slow to decide a new strategy, partly due to internal 

analysis and debate until they lost their window). 

 Reduced Competitive Advantage of Analytics Itself: 

Ironically, when every firm has access to big data and 

analytics, simply possessing these capabilities is no 

longer a differentiator - how effectively a firm uses 

them makes the difference. McKinsey has found that 

companies leading in analytics focus on decision-driven 

analytics and agile execution, whereas laggards often 

drown in data with little to show for it (Winig, 2016) 

[17]. If a firm falls into the latter category, its massive 

investment in analytics could become a strategic burden 

(high cost, low return). In such cases, analytics turns 

into what can be called a strategic liability - resources 

are tied up in analysis functions, but the firm’s 

competitive position does not improve and may even 

deteriorate due to slower decision cycles. It calls to 

mind the old adage: analysis is only valuable if it leads 

to action. When analysis replaces action, the firm 

essentially forfeits the very competitive advantage it 

sought from analytics. 

 Culture of Risk-Aversion: Strategically, decision 

paralysis often goes hand-in-hand with a culture that 

overvalues certainty and punishes failure to an extreme. 

Firms that insist every decision be justified by copious 

data may create an implicit message that taking a leap 

without exhaustive evidence is unacceptable. This can 

discourage managers from championing innovative 

ideas or contrarian strategies - if the data isn’t 100% 

conclusive, no one wants to stick their neck out. Over 

time, this drives the culture toward extreme risk-

aversion and strategic conservatism, which is a 

competitive disadvantage especially in industries where 

innovation and adaptability are key. By contrast, firms 

known for strategic agility (Apple under Steve Jobs, 

Amazon under Jeff Bezos, etc.) often make some big 

bets on vision, even when data is limited; they use data 

to inform, but not imprison, their strategic thinking. A 

data-paralyzed culture does the opposite, potentially 

leaving value on the table by avoiding any move that 

isn’t data-fully-proven (which no new move ever is). 

Thus, an analytics-heavy but action-light strategy 

process can be strategically myopic. 

 

In summary, decision paralysis induced by too much data 

can cripple a firm’s strategic effectiveness. It slows down 

decision speed, leading to lost opportunities and weaker 

responses to competition. It dampens innovation and 

encourages strategic choices that are safe (because well-

analyzed) rather than bold, even if boldness is what the 

situation calls for. And it can render the whole analytics 

program counterproductive, turning an intended strength 

into an Achilles heel. Competitive advantage in the data-rich 

era does not go to the company who has the most data, but 

to the one who can digest data into decisive knowledge the 

fastest. If a firm fails in that digestion-to-decision 

conversion, it risks falling behind more nimble competitors. 

As one Institute of Directors report succinctly noted: 

capturing “too much data may lead to procrastination” in 

strategic decision-making, whereas effective strategy 

requires balancing analysis with action (Elbanna, 2006) [3]. 

 

Managerial Decision-Making Challenges in Data-Rich 

Firms 

At the managerial level (as opposed to the broad strategic 

level), data-saturated environments introduce specific 

challenges that hinder effective decision-making. Based on 

the literature and cases, some of the key challenges include. 

 Cognitive Overload and Decision Fatigue: Managers 

today might need to make dozens of significant 

decisions in a day, from pricing tweaks to marketing 

strategies, each backed by data analysis. When each 

decision requires sifting through extensive data, the 

mental energy expended is enormous. The Oracle 

survey found 74% of people felt the number of 

decisions they have to make has increased tenfold in 

recent years, partly due to more data available on every 

minor issue (Malawani et al., 2025) [7]. Furthermore, 

59% admitted to facing a “decision dilemma” (not 

knowing what decision to make) at least once daily. 

This reflects decision fatigue - the idea that the quality 

of decisions deteriorates after an extended period of 
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decision-making. Data-rich managers hit that fatigue 

faster because each decision is cognitively taxing (lots 

of data to weigh). They may start to either make no 

decision or make snap judgments just to get through the 

workload (and then later feel “decision distress” about 

whether it was correct). This daily grind of heavy 

analysis is a managerial burden unknown in simpler 

times, and it clearly contributes to stress and burnout 

(Malawani et al., 2025) [7]. 

 Analysis Silos and Conflicting Metrics: In large 

firms, different departments often generate their own 

analytics. A marketing manager might have data 

suggesting one course, while a finance manager’s data 

suggests another. When they convene, they each 

present supportive analyses for their preferred options, 

leading to stalemate or lengthy reconciliations. This 

siloed analytics problem means managers must be not 

only experts in their domain data but also capable of 

understanding others’ data to resolve conflicts. Not 

every manager has that cross-functional data literacy, so 

decisions stall. A reported 77% of business leaders said 

that the reports and dashboards they receive “do not 

always relate directly to the decisions they need to 

make” (Lankut, et al., 2024) [5]. In other words, 

managers get a lot of data that isn’t in a useful form for 

their specific decision, making their job harder. 

Additionally, 72% believe much of the available data is 

really only usable by technical experts, not by frontline 

decision-makers (Lankut, et al., 2024) [5]. This points to 

a translation problem: managers can be overwhelmed 

with numbers that they aren’t comfortable interpreting 

or that aren’t aligned to their decision context, causing 

delays while they seek clarification or additional 

analysis from data teams. 

 Trust and Credibility of Data: With myriad data 

sources, managers often encounter inconsistencies. One 

database says customer satisfaction is up, another 

survey says it’s down - which to trust? If analytics are 

not well-governed, data quality issues can abound. A 

single erroneous report can erode a manager’s trust in 

the analytics process. Research indicates 35% of leaders 

don’t know which data to trust and 30% suspect that 

many decisions end up deferring to the opinion of the 

highest-paid person (the “HiPPO”) rather than to 

contradictory data(Malawani et al., 2025) [7], (Lankut, et 

al., 2024) [5]. This cynicism or skepticism toward data 

can cause paralysis as well - if managers doubt the data, 

they either postpone decisions waiting for “better data” 

or they go with gut feeling secretly, but then later worry 

since it went against the analytics. Both scenarios are 

problematic. Essentially, a lack of trust in data (due to 

overload or quality issues) nullifies the purpose of 

analytics and leaves managers in a limbo, unsure 

whether to rely on analysis or intuition. 

 Fear of Blame and Decision Accountability: In data-

rich contexts, there is often an implicit assumption that 

decisions should be “right” because they are data-based. 

This can heighten the fear managers have of making a 

wrong call. If a decision backed by data goes wrong, 

one might blame the manager for misinterpreting the 

data or using the wrong metrics. Conversely, if a 

manager defies the data and goes on instinct and fails, 

they definitely get blamed for ignoring the analytics. 

Such pressures can lead to a culture of CYA (cover 

your actions) with data - i.e., managers gather excessive 

analysis mainly to justify their decision in case of 

failure, rather than to genuinely gain insight (Marr, 

2017) [8]. One survey finding illustrating this: 78% of 

business leaders said people in their organizations often 

make a decision and then look for data to justify it 

(Malawani et al., 2025) [7]. This indicates managers feel 

the need to surround every choice with a fortress of 

analysis to avoid personal blame. It’s a perverse 

outcome where data is used not for enlightenment but 

as insurance. The result is slower decisions and often 

analysis of decisions after the fact rather than before - 

clearly not an optimal use of analytics. 

 Short-term Focus and Micro-Analytics: Another 

challenge is that abundant data can draw managers into 

micro-analysis of operational metrics, sometimes losing 

sight of the bigger strategic picture. Managers might 

fixate on week-to-week dashboard fluctuations (website 

clicks, daily sales figures, etc.) because the data is so 

readily available in real-time. This can lead to tactical 

paralysis, where they tweak and analyze small things 

continuously while neglecting longer-term strategic 

moves. The IoD notes that companies face opposing 

pressures including short-term metrics vs. long-term 

strategy, and too much information often biases toward 

the short-term because those are the numbers constantly 

in your face (Elbanna, 2006) [3]. Managers struggle to 

step back and make strategic decisions (which often 

require tolerating some short-term ambiguity) when 

inundated with detailed analytics on immediate 

performance. In essence, data overload can trap 

managers in a reactive mode, chasing indicators rather 

than proactively setting direction. 

 Skill and Tooling Gaps: Finally, many managers were 

trained in an era of smaller data sets and simpler 

reports. The rapid expansion of analytics means some 

managers feel out of depth in interpreting complex data 

science outputs (like AI model results, big data 

visualizations). If they don’t fully understand, they can 

neither decide confidently on that basis nor challenge 

the analysis. This skill gap contributes to delays (“let’s 

ask the analytics team to explain this again”) and 

sometimes flawed decisions if managers misread data 

relationships. The need for data literacy and better 

decision-support tools is widely recognized: 72% of 

executives in one study said most data available is only 

helpful for data scientists or IT - not directly for 

decision-makers like them. This suggests managers 

often feel the analytics outputs are not user-friendly. 

When tools are too complex, managers either avoid 

using them (leading to gut decisions) or get bogged 

down trying to use them (leading to slowness). 

 

In sum, managers in data-rich firms face a double-edged 

sword: They have more informational power at their 

disposal than ever, but also far more complexity to navigate 

in order to use that power effectively. The challenges of 

cognitive overload, conflicting metrics, trust, accountability, 

short-termism, and skills can each contribute to decision 

paralysis at an individual level. When many managers 

across an organization experience these issues, the 

collective result is significant strategic inertia. 

One poignant illustration comes from a real-world case in 

the UK’s National Health Service (NHS). The NHS 
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Business Services authority found that vast troves of 

healthcare data were not being translated into decisions by 

its stakeholders - doctors, pharmacists, administrators - 

simply because those decision-makers were overwhelmed 

and not equipped to interpret the data (Marr, 2017) [8]. In one 

instance, data analysis revealed millions of pounds in 

potential savings (by identifying outlier prescribing 

behaviors), but nothing happened until data experts actively 

intervened to highlight and communicate those insights 

(Marr, 2017) [8]. This demonstrates that managers (in this 

case clinicians and health managers) did not lack data - they 

lacked the integration of data into a digestible decision 

format. Only when the NHS put “data advocates” in 

departments and pushed simplified insight summaries 

directly to decision-makers (instead of expecting them to 

pull from complex systems) did action occur (Marr, 2017) 

[8]. The managers had been paralyzed not due to 

unwillingness, but due to the challenge of dealing with too 

much, too complex information. This success story 

(discussed more in the next section) reinforces the analysis 

here: managerial decision-making can be freed from 

paralysis if information overload is addressed through better 

filtering, communication, and alignment of data with 

decision needs. 

 

Liability 

Business analytics and big data have often been hailed as 

the “new oil” powering competitive advantage. Yet, as the 

foregoing analysis shows, there are inherent limits and 

potential downsides to analytics that organizations must 

critically understand. This section distills a critical analysis 

of those limits. 

 Not All That Counts Can Be Counted: A 

fundamental limit of analytics is that data focuses on 

the measurable facets of business. Intangible factors - 

such as company culture, brand strength, employee 

morale, or emergent market shifts - may not be fully 

captured in quantitative models. An overreliance on 

analytics might cause firms to ignore these hard-to-

measure elements to their detriment. For example, an 

analytics-driven approach might undervalue innovation 

projects (because their ROI is uncertain in data) or miss 

subtle changes in consumer sentiment that aren’t yet 

reflected in metrics. This echoes a caution in the BI 

literature that over-reliance on data can “limit the 

organization’s ability to innovate and adapt”, especially 

if it prioritizes short-term quantifiable outcomes over 

qualitative, long-term considerations (Malawani et al., 

2025) [7]. Thus, analytics has a boundary: it can 

reinforce existing knowledge and incremental 

improvements, but it might lead to blind spots 

regarding transformative changes or soft factors. 

 Data Quality and Garbage-In/Garbage-Out: 
Analytics is only as good as the data fed into it. A 

major practical limit is when data is inaccurate, 

incomplete, or biased. If decisions are made purely on 

flawed data, analytics becomes a liability by giving a 

false sense of certainty. Many firms have discovered 

that their data is siloed or inconsistent - for instance, 

customer records that don’t match across systems - 

leading to analytics that produce conflicting results. 

Without robust data governance, business analytics can 

mislead. A Computer Weekly article noted that being 

“data-driven” isn’t helpful if “the data isn’t right,” and 

highlights that one solution is data democratization to 

improve data understanding and trust (Duenas-Cid and 

Calzati, 2023) [2]. Until data reliability is ensured, more 

analytics could just amplify errors. Moreover, even 

with good internal data, external big data (like social 

media feeds) can contain noise or manipulation. The 

LinkedIn analysis in the military context underscores 

that adversaries (or competitors) could deliberately feed 

misleading data (e.g., fake news or inflated metrics) 

which if taken at face value by analytics could lead to 

poor decisions (Mihai, 2024) [10]. While businesses 

don’t usually have “adversaries” injecting fake data, 

they do face phenomena like astroturfing or misleading 

market signals. Thus, analytics has a limit in dealing 

with data veracity issues - it often presumes the data 

given is truth, which is not guaranteed. 

 Human Bias in Analytics Use: Another limit is that 

analytics doesn’t automatically remove human biases; 

in fact, it can sometimes reinforce them. People often 

use data selectively - the concept of confirmation bias 

extends into analytics when decision-makers emphasize 

analyses that support their pre-existing view and 

downplay those that don’t. As mentioned, 78% of 

leaders say people first make a decision then look for 

data to justify it. This misuse turns analytics into a post-

hoc rationalization tool rather than a decision aid. 

Additionally, algorithms themselves can have 

embedded biases (e.g., if a predictive model is trained 

on past data reflecting biases, it will carry those 

forward). So business analytics is not infallible or 

neutral; it has limits in objectivity. If organizations are 

not careful, they may trust analytics outputs without 

recognizing bias or uncertainty, leading to 

overconfidence in flawed recommendations. The Oracle 

study’s finding that 86% feel data made them less 

confident suggests many have realized data can deceive 

or confuse, tempering blind trust (Marr, 2017) [8]. 

However, the flip side is some organizations still place 

data on a pedestal uncritically - which can be 

dangerous. In summary, analytics can create a false 

aura of scientific decision-making; leaders must 

remember that models are simplifications and outputs 

are probabilistic, not oracles. 

 Diminishing Returns and Cost-Benefit Imbalance: 

The first few analyses on a question may greatly 

illuminate it, but the fiftieth analysis might add 

marginal value. Firms can fall into a trap of analysis 

overproduction. Each additional dataset or more 

complex model yields ever smaller improvements in 

decision quality, yet consumes time and resources. At 

some point, the cost of analysis (in time, money, lost 

agility) outweighs the benefit. Many organizations do 

not calculate this tipping point. A white paper by Oracle 

highlights that increasing data sources had, in many 

cases, limited organizational success and even made 

strategic decision-making slower in 36% of businesses 

(Lankut, et al., 2024) [5]. When nearly two-fifths of 

companies say more data sources actually slowed 

decisions, it implies diminishing returns had set in 

beyond an optimal number of inputs. The limit here is 

economic: analytics efforts are subject to diminishing 

returns, and if not scaled wisely, they can become an 

efficiency drag. There’s also a human capital cost: 

scarce analyst talent may be spread thin chasing trivial 

https://www.allcommercejournal.com/


Asian Journal of Management and Commerce  https://www.allcommercejournal.com 

~ 2003 ~ 

insights, while managers spend more time parsing 

reports than engaging with customers or employees. 

This cost/benefit imbalance is a sign that analytics 

should not always be maximized sometimes less is 

more when it comes to data in decision processes 

(Elbanna, 2006) [3]. 

 Analysis Paralysis as Self-Fulfilling Problem: A 

meta-level limit is that as analytics proliferate, the 

complexity of managing analytics itself becomes an 

issue. Companies might implement so many analytics 

tools and platforms that managers struggle to keep up 

with training and usage, causing frustration and under-

utilization. If dashboards and analytics are not designed 

with user decision-making in mind, they can create 

analysis paralysis by design. The earlier stat that 77% 

of managers feel their dashboards don’t match their 

decisions needed (Malawani et al., 2025) [7] reveals a 

failure of design/strategy alignment in analytics. This 

limit is surmountable with better design, but it 

illustrates that analytics is not plug-and-play; without 

thoughtful integration into workflows, it can become 

shelfware or, worse, a source of distraction. 

 Ethical and Reputational Risks: While not the focus 

of this paper, it’s worth noting that heavy use of data 

analytics comes with ethical considerations (privacy, 

fairness) which, if mishandled, can become strategic 

liabilities. For instance, highly data-driven decisions in 

HR or marketing might inadvertently discriminate or 

breach customer trust (as seen in some well-publicized 

cases of algorithmic bias or data privacy scandals). If 

pursuing data-driven optimization crosses ethical lines, 

the firm faces reputational damage and possibly legal 

issues. In that sense, unbridled analytics can lead firms 

into moral hazards - a limit where the pursuit of data 

advantage must be balanced against values and 

compliance. A firm paralyzed by data might also be 

paralyzed by fear of these risks, adding another layer to 

decision paralysis (“we have the data to micro-target 

customers, but what if it backlash? Let’s analyze 

more…”). 

 

In sum, business analytics is not a silver bullet; it has limits 

related to scope, quality, human factors, and economics. 

Organizations that treat analytics as infallible or that push 

for “all decisions must be data-driven” without nuance risk 

turning a strength into a weakness. As one management 

guide put it, effective strategic decisions require critical 

thinking and sometimes intuition, even in the age of data 

(Elbanna, 2006) [3]. (Winig, 2016) [17]. the challenge is to 

know when analytics adds value and when it might mislead 

or impede. Recognizing these limits is the first step to using 

analytics wisely so that it informs and empowers decisions 

rather than overpowers them. 

 

Overcoming Decision Paralysis: Strategies and 

Frameworks 

Having identified the causes and consequences of decision 

paralysis in data-rich firms, the crucial question is how can 

organizations overcome or prevent this paralysis? 

Fortunately, both researchers and forward-thinking 

companies have proposed various solutions and frameworks 

to ensure that analytics serve as a strategic asset, not a 

liability. Key approaches include. 

1. Decision-Driven Analytics and Clarity of Purpose: 

One clear prescription from experts is to flip the 

analytics process from data-driven to decision-driven. 

Instead of amassing data and hoping decisions will 

emerge, companies should start by defining the 

strategic decisions or questions that need answering, 

and then collect or analyze data specifically to inform 

those decisions (Winig, 2016) [17]. De Langhe and 

Puntoni, in MIT Sloan Management Review, emphasize 

this approach: anchor analytics on the decision to be 

made, and work backward to identify what minimal 

data is truly necessary (Winig, 2016) [17]. By doing so, 

organizations naturally limit the scope of analysis to 

what’s relevant, reducing noise. A practical framework 

is a three-step process they suggest: (i) have decision-

makers enumerate the possible courses of action for a 

problem, (ii) determine what data would discriminate 

between those alternatives (what do we need to know to 

choose?), and (iii) analyze that specific data to pick the 

best course (Winig, 2016) [17]. This prevents the 

common trap of wandering aimlessly in big data and 

instead keeps analytics tightly focused. Adopting such a 

mindset across the organization can significantly cut 

down on analysis paralysis. It also re-empowers 

managers: rather than feeling at the mercy of endless 

data, they start with a hypothesis or decision in mind. In 

effect, analytics becomes a tool in service of strategic 

questions, rather than an all-consuming exploratory 

exercise. 

2. Simplification, Filtering, and “Less is more”: 

Organizations can implement processes to actively 

combat information overload. This might involve 

setting a “data diet” or data prioritization rules. The 

idea is to present decision-makers with less but more 

relevant information. One compelling example is the 

UK NHS case mentioned earlier. To address paralysis, 

the NHS unit established an Information Prioritization 

and Filtering system, led by experts, to triage incoming 

data and push only the most relevant insights to 

decision-makers (Mihai, 2024) [10]. By filtering out 

noise and delivering tailored, concise analytic insights 

(e.g., an email highlighting a critical anomaly that 

requires action), they enabled faster decisions and 

avoided overloading busy clinicians (Marr, 2017) 

[8]. (Mihai, 2024) [10]. Firms can emulate this by having 

data teams produce one-page decision briefs instead of 

50-page reports, or interactive dashboards that highlight 

exceptions and key performance drivers rather than 

drowning users in metrics. There is also the concept of 

setting a “decision deadline” or a “data collection 

cutoff” - essentially saying, we will analyze for X 

weeks and then we decide, no matter what. This forces 

a healthy constraint against infinite analysis. Agile 

project management methodologies echo this by using 

time-boxed sprints: apply that to analysis too. Some 

experts even advise a “two dashboard rule” - senior 

executives should boil their metrics down to one or two 

screens of truly vital signs. As the IoD guidance 

succinctly noted, “Capturing too much data may lead to 

procrastination”, so to be effective, organizations must 

regularly prune and focus their analytics on what really 

matters (Elbanna, 2006) [3]. Essentially: simplify, 

simplify, simplify. 
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3. Enhancing Data Literacy and Decision Skills: One 

reason data can paralyze is that managers aren’t 

confident in handling it. Closing the skills gap is thus a 

key solution. Companies are investing in training 

programs to improve managers’ abilities to read 

statistical outputs, ask the right questions of data, and 

combine data with domain intuition. For instance, some 

firms have added “analytics translators” or “data 

coaches” in business units - people who act as a bridge 

between data scientists and business decision-makers to 

ensure insights are understood and actionable (Marr, 

2017) [8]. The NHS’s “data advocates” in each 

department served this role, guiding their colleagues 

through the data and championing its use without 

overwhelm (Marr, 2017) [8]. Another approach is 

human-centered design of analytics tools: making 

interfaces more intuitive, using visualizations that 

quickly communicate key points, and incorporating 

narrative explanations (analytics “storytelling”) rather 

than just raw numbers. If managers can more easily 

interpret data, they will be less likely to freeze up. 

Additionally, teaching decision-making under 

uncertainty as a discipline can help. This involves 

training managers in techniques like scenario planning, 

heuristic use, or recognizing when to satisfice rather 

than optimize. The goal is to build confidence in 

making decisions without perfect information. As one 

marketing director put it, we need to develop “a greater 

comfort level with making our decisions with 

ambiguity” instead of endlessly searching under the 

lamppost of data (Srinivasan and Ramani, 2019) [14]. 

Organizations can cultivate this by rewarding decisive 

action and intelligent risk-taking, even if occasionally 

wrong, rather than only rewarding analytically 

“perfect” decisions. By improving both the tools and 

the talent for decision-making, companies can make 

data feel like a help, not a hindrance. 

4. Cultural Shift: Emphasize Action and 

Accountability: Culture plays a huge role. To break 

paralysis, companies must foster a culture that values 

timely decisions and willingness to act in the face of 

uncertainty. This can be led from the top. For example, 

Amazon’s leadership principle of “Bias for Action” 

encourages employees to make decisions with ~70% of 

the information, rather than waiting for 100%, 

recognizing that waiting for complete certainty is often 

worse than acting and possibly correcting course 

(Opoku-Agyemang, 2025) [11]. Leaders can set 

expectations that analysis should enable decisions 

within a set timeframe. Some companies implement 

“decide and deliver” practices: once data has been 

reviewed, the meeting must end with a decision or a 

clear next step, rather than an indefinite extension of 

analysis. Another cultural tool is to redefine failure: if 

people fear making wrong decisions, they stall. If 

leadership instead treats decisions as learning 

opportunities (a fail-fast, learn-fast mentality), 

managers may feel freer to decide. Tolerance for 

reversible decisions can also help - Jeff Bezos 

distinguishes between Type 1 (irreversible) and Type 2 

(reversible) decisions. For Type 2 decisions, he 

advocates making them quickly, because if it turns out 

wrong, you can adjust (Wingwon, 2012) [16]. 

Communicating which decisions are which can relieve 

pressure to overanalyze everything as if it were 

irreversible. Alongside this, clarifying decision rights 

and accountability is important. When it’s clear who is 

responsible for a decision, that person is empowered to 

cut through analysis noise and choose; when 

accountability is murky, people seek consensus via 

endless analysis (to diffuse blame). Thus, assigning 

clear decision owners and giving them authority (while 

holding them accountable) can streamline the process. 

In short, culture and structure should encourage 

decisiveness: use data, but don’t be enslaved by data. 

One striking data point: 64% of business leaders said 

they’d rather have a robot make their decisions for 

them, to remove the difficulty (Malawani et al., 2025) 

[7]. This indicates a culture problem - decision-makers 

feeling so overwhelmed they want to abdicate. To 

counter this, companies must reframe the manager’s 

role as one that combines data and human judgment 

effectively, and celebrate those who do so successfully. 

5. Technology Aids: AI and Decision Support Systems: 

It’s somewhat ironic, but technology that contributed to 

overload can also be part of the solution. Modern 

decision support systems (DSS) and AI-driven tools can 

help filter and summarize information for humans. For 

instance, AI algorithms might scan thousands of data 

points but present a manager with a simple rating or 

alert on what needs attention (much like credit scoring 

condenses myriad financial data into one number). 

Natural language generation can produce brief 

narratives (“Sales in region X are 15% below target due 

to Y, recommend action Z”) instead of managers 

interpreting charts themselves. There are also AI-based 

“recommendation engines” for decisions - e.g., 

suggesting optimal pricing, or highlighting which 

factors most impact customer churn, so managers know 

where to focus. These can reduce the analysis burden 

on humans. However, caution is needed: as the 

Fortune/Oracle findings show, many leaders already 

feel swamped by dashboards, so any new tech must 

truly simplify, not complicate. One promising area is 

augmented analytics, where AI automates parts of data 

analysis (finding correlations, anomalies) and presents 

insights conversationally. If done well, this can 

accelerate reaching a decision by cutting out manual 

analytic labor. Some respondents in Oracle’s study 

implicitly desired this: 97% wanted help from data, 

specifically to “make better decisions, reduce risk, and 

make decisions faster” (Lankut, et al., 2024) [5]. The 

fact that 70% of leaders said they would welcome 

delegating decisions to AI (for certain decisions) shows 

openness to technology as a remedy for paralysis (Marr, 

2017) [8]. Still, AI is not a panacea; it must be 

implemented in a way that maintains human oversight 

and avoids simply shifting the paralysis from “too many 

raw data” to “too many AI outputs.” The key is using 

tech to do what humans struggle with (huge data 

processing) while leaving humans to do what they excel 

at (contextual judgment). 

6. Frameworks and Best Practices: Various formal 

frameworks exist to guide decision-making and prevent 

analysis paralysis. One is the classic OODA loop 

(Observe-Orient-Decide-Act) from military strategy, 

which emphasizes rapid cycling through those stages 

rather than getting stuck in observe/orient. Businesses 
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can train teams to consciously move from observation 

(data gathering) to orientation (analysis) to decision and 

action quickly, and iteratively refine decisions rather 

than trying to be perfect upfront. Another is the use of 

decision matrices or scoring models - when a firm must 

consider many factors, a structured model can help 

weight and sum them to reach a decision, rather than 

endless open-ended debate. Scenario analysis is a 

strategic tool that can free decision-makers from 

paralysis by acknowledging uncertainty: managers 

prepare plans for a few plausible scenarios instead of 

trying to predict one future exactly. This way, they 

make conditional decisions (“If A happens, we do X; if 

B, we do Y”) and can move forward without complete 

certainty, reducing the fear that paralyzes them. On the 

organizational process side, companies like Google 

famously use the OKR (Objectives and Key Results) 

system to maintain focus on key metrics; but even 

Google has learned not to over-measure. In one 

anecdote, Google’s data-driven culture once tested 41 

shades of blue for a toolbar to optimize user clicks - a 

level of micro-analysis that some criticized as overkill. 

While that experiment succeeded in finding the “best 

blue,” Google also realized that not every decision 

warrants that depth of analysis, especially creative ones. 

Over time, they and other tech firms blended data with 

design intuition (e.g., a visionary product decision isn’t 

always A/B tested to death). The lesson is encapsulated 

in a principle: use data to inform, not to dictate. 

7. Leadership and Governance: Ultimately, overcoming 

paralysis requires leadership attention. Leaders should 

actively monitor if decision timelines are stretching out 

due to analysis, and intervene to ask, “Do we really 

need more data, or do we need to make a call?” They 

can establish governance frameworks that set 

boundaries on analysis - for example, requiring a “last 

slide” in analytic presentations that clearly states a 

recommendation, forcing analysts to go beyond 

analysis to decision implication. Another governance 

idea is to create feedback loops: track major decisions 

and later review whether additional analysis would 

have changed the outcome significantly. If not, that’s 

evidence the extra analysis is not worth the delay. Over 

time, this can calibrate the organization’s sense of how 

much analysis is “enough.” Many firms also benefit 

from an external perspective: bringing in advisors or 

diverse team members who can challenge the 

groupthink that more data is always needed. Sometimes 

an outside consultant or a new executive can unlock a 

stuck decision by providing a fresh take (unencumbered 

by the internal analysis loops that have been going on). 

 

In practice, successful companies often deploy a 

combination of these strategies. For instance, Netflix is 

known for its extensive use of analytics in content decisions, 

but executives have shared that at times they greenlight 

projects against the algorithm’s recommendation, based on 

creative judgment - showing a balance of data and intuition. 

Spotify similarly uses data on listener behavior to inform 

artist investments but also relies on industry expertise. They 

avoid paralysis by setting clear metrics for success but also 

being willing to take calculated risks. 

A real-world outcome of overcoming data paralysis is better 

business performance. When the NHS streamlined its data 

use, it reportedly identified over £100 million in savings 

opportunities that were then acted on (Marr, 2017) [8]. When 

companies shift to decision-driven analytics, they often see 

faster project cycles and higher ROI on analytics 

investments (since analysis is actually used). Moreover, 

employee morale can improve - skilled managers prefer 

making an impact over churning reports. 

It’s worth noting that none of these solutions advocate 

throwing out data or going back to gut feel entirely. Instead, 

they promote optimal use of analytics: get the right data to 

the right people at the right time - and then trust those 

people to make decisions and carry them out. As Leigh 

Thompson and Tanya Menon put it in Harvard Business 

Review, the remedy for analysis paralysis is not to eliminate 

data but to “curb your appetite for data while getting better 

at digesting the data you have” (Dominitz, and Manski, 

2017) [1]. Their recommended steps (widen perspective, 

integrate data to spot patterns, explore alternatives 

creatively, and test solutions on a small scale) encourage 

teams to leverage data in smarter ways without getting stuck 

(Dominitz, and Manski, 2017) [1]. The key word is digest - 

meaning extract insight and move on - as opposed to 

endlessly chewing data without swallowing. 

In summary, overcoming decision paralysis in data-rich 

firms requires intentional changes in process, culture, and 

skills. By narrowing focus to essential data, improving the 

translation of data to insights, fostering a pro-decision 

culture, and using frameworks that prompt action, 

companies can reclaim the agility that too much analysis 

may have stolen. The result is a business that harnesses 

analytics for competitive advantage without succumbing to 

its potential downsides - achieving the ideal of being “data-

informed, not data-imprisoned.” 

 

Conclusion 

In an era where data is ubiquitous and business analytics 

tools are ever more powerful, the risk of decision paralysis 

has become a real strategic concern for firms. This research 

set out to understand how excessive data and analysis can 

morph from a boon into a bane for organizations - turning 

what should be a competitive asset into a strategic liability. 

The findings paint a cautionary tale: more data does not 

automatically equate to better decisions or superior strategy. 

On the contrary, when not managed properly, a surfeit of 

analytics can mire organizations in indecision, slow their 

strategic responses, and sap the confidence of their 

managers. 

We saw that information overload can overwhelm human 

cognitive limits, leading to analysis paralysis, where critical 

decisions are delayed or avoided. The literature and surveys 

provide striking evidence - from Simon’s 1971 observation 

about the “poverty of attention” in an information-rich 

world (Liebowitz, 2002) [6], to the Oracle study’s revelation 

that 72% of surveyed leaders had at times been unable to 

make any decision because of too much data (Malawani et 

al., 2025, Lankut, et al., 2024) [7, 5]. These are not isolated 

anecdotes but widespread experiences across industries and 

geographies. Decision paralysis manifests in various ways: 

endless meetings with no conclusion, constantly iterating 

reports, split opinions each backed by some metrics, and a 

general climate of hesitation. The strategic consequences are 

significant. Firms stuck in analysis paralysis risk missing 

market opportunities, responding too slowly to threats, and 

generally losing the nimbleness that is often required for 
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competitive success (Malawani et al., 2025, Wingwon, 

2012) [7, 16]. In extreme cases, as we discussed, the entire 

analytics initiative of a company can yield diminishing 

returns - heavy investment for little gain - or even backfire 

by misguiding strategy (the “garbage in, garbage out” 

problem). 

However, this is not a repudiation of data-driven 

management - it is a call for balance and discernment. The 

research also highlighted that many organizations have 

recognized the problem and are adapting. The solution is not 

to swing to the opposite extreme of gut-based decision-

making, but to find a middle path where data and human 

judgment are effectively integrated. Business analytics 

becomes truly valuable when it is the servant of strategy, not 

its master. Companies achieving this typically embrace 

practices such as focusing analytics on well-defined 

decisions, simplifying data communication, building a 

culture that values decisive action, and investing in the 

ability of their people to interpret and act on data 

confidently (Winig, 2016, Srinivasan and Ramani, 2019) [17, 

14]. 

Real-world examples reinforce these lessons. The case of 

3M showed that even a successful, data-rich company had 

to ease off an overzealous analytics approach in R&D to 

rekindle innovation (Stevens, 2004) [15]. The NHS example 

demonstrated that the way to unlock value from big data 

was to actively prevent overload - by filtering and 

translating data into usable insights for decision-makers 

(Marr, 2017) [8]. And numerous surveys of executives 

revealed that the very people championing data-driven 

approaches also feel the pain of too much data and crave 

better ways to turn information into action (Lankut, et al., 

2024) [5]. In one sense, the current period might be thought 

of as a maturing phase of the data analytics revolution: after 

an exuberant push for more data and analysis, companies 

are coming to realize the importance of quality over quantity 

in information, and the need to re-center decision-making as 

a human process supported - but not supplanted - by data. 

From a scholarly perspective, this study underscores the 

relevance of classic decision-making theories (bounded 

rationality, information overload) in the modern big-data 

context, while also highlighting new challenges and 

adaptations unique to the digital age (such as AI’s role, or 

the psychological phenomenon of “decision distress” 

observed in recent years (Marr, 2017) [8]. It contributes to 

strategic management literature by framing excessive 

analytics as a potential source of strategic rigidity - a form 

of organizational inertia that hasn’t been traditionally 

focused on. Typically, we think of inertia coming from 

bureaucracy or complacency, but here we see inertia 

ironically coming from a hyper-analytical mindset. This 

opens avenues for further research: for example, empirical 

studies could quantify the optimal amount of analysis for 

different decision types, or investigate industry differences 

in tolerance for data overload. There is also room for 

research on interventions - testing which of the proposed 

solutions (decision-driven analytics, culture change, 

technical aids) have the most impact on reducing paralysis 

and improving decision outcomes. 

For practitioners - managers and executives - the 

implications are clear. If your organization is data-rich but 

decision-poor, it’s time to recalibrate. Start by honestly 

asking: are we finding actionable insight in our analyses, or 

just generating analysis for its own sake? Audit your recent 

big decisions - were they delayed due to endless information 

gathering? Did they rely on a few key pieces of data or 

drown in many? Such reflection can identify if analysis 

paralysis is at play. If so, deliberately implement some of 

the frameworks discussed: set decision deadlines, empower 

a single accountable decision-maker, limit the metrics you 

track at the C-suite level, invest in data training, and 

encourage a mentality that values execution. Importantly, 

create a safe environment for decisions: not every decision 

will be right, but indecision is guaranteed failure. It’s telling 

that 85% of business leaders in one survey felt high regret or 

guilt about decisions in the past year (Lankut, et al., 2024) 

[5]. - Perhaps indicating that the intense scrutiny and 

overload made even correct decisions unsatisfying. By 

streamlining analytics and clarifying decision ownership, 

leaders can reduce that regret and increase conviction in the 

choices made. 

In conclusion, business analytics becomes a strategic 

liability only if we allow it to dominate unchecked. When 

harnessed with clear purpose, curated intelligently, and 

coupled with astute human judgment, data remains an 

immensely powerful strategic asset. The task for modern 

firms is to tame the deluge of data - to find the signal in the 

noise - and to empower their people to act on that signal 

swiftly and confidently. Those that succeed will gain not 

only the insights that analytics offer, but also the agility and 

decisiveness that come from not being paralyzed by 

analysis. In the high-speed, data-saturated markets of today, 

that combination is perhaps the ultimate competitive 

advantage: to know enough, decide fast, and keep adapting. 

As the evidence shows, achieving it requires more than 

technology; it requires philosophy - a philosophy of 

decision-making that remembers the wisdom of making 

better decisions with less data (Elbanna, 2006, Dominitz, 

and Manski, 2017) [3, 1]. 
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